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The dataset

TABLE I. Datasets.

Dataset Positives Negatives No. samples”
A 38% 62% 2078
B 60% 40% 3893
C 50% 50% 3000
AB 52% 48% 5971
ABC 52% 48% 8971

2 We use 85% of the samples for training and reserve 15% for

testing.
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The dataset

TABLE I. Datasets.

Dataset Positives Negatives No. samples”
Surface ~—— A 38% 62% 2078
Bottom  — B 60% 40% 3893
DCLDE 2013 —— C 50% 50% 3000
AB 52% 48% 5971
ABC 52% 48% 8971

2 We use 85% of the samples for training and reserve 15% for

testing.
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The dataset
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The model
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The model
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Results

Training dataset
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Results
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Results
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Results
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Results
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Seq2Seq model
(preliminary results)




60s segments (Seq2Seq)
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Preliminary Results
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Preliminary Results

Shediac_ete_2018-07-09_210105_1.wav
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Preliminary Results
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Preliminary Results

Seq2Seq detector (60s)
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Preliminary Results

Seq2Seq detector (60s)
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Thank you!




